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The use of odds ratio for association rule mining

Hyung Chang Kang - Chul Soo Kim - Bong Kyu Lee

Department of Computer Science and Statistics, Cheju National University

Abstract

Data mining is the discovery of interesting information among huge amounts of data. Association rule
mining finds interesting association among a large set of data itemsets. Interesting association is strong
association rule equals. Strong association rule is that satisfy both a minimum support threshold and
minimum confidence threshold. Even if confidence higher. association rule is not best. support must be at
least satisfy. In this article we consider the association in 2x2 contingency table. Odds ratio is used to find
association rule. To get the range of the lift value we calculate the odds ratio two itemsets are occurred

simultaneously. and find the minimum support threshold values.
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